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Abstract

In this paper, we propose a real-time system for counting people. The proposed system uses an impulse radio ultra-wideband(IR-
UWRB) radar to estimate the number of people in a given location. The proposed system uses learning-based classification methods to
count people more accurately. In other words, a feature vector database is constructed by exploiting the pattern of reflected signals,
which depends on the number of people. Subsequently, a classifier is trained using this database. When a newly received signal data
is acquired, the system automatically counts people using the pre-trained classifier. We validated the effectiveness of the proposed
algorithm by presenting the results of real-time estimation of the number of people changing from 0 to 10 in an indoor environment.
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# 1. IR-UWB #o|t} Aok
Table 1. The specification of an IR-UWB radar.

Carrier frequency 8 GHz
Frequency bandwidth 1.5 GHz
Azimuth beamwidth 65°
Elevation beamwidth 65°

Maximum detectable range 10 m
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Fig. 6. Place of experiment 1(open indoor space).
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